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Key Insights
• The number of features tracked impacts tracking 

performance.
• The number of features tracked depends on the 

scene characteristics.
• The type of feature extractor and its parameters 

can be adjusted to improve tracking.

A Neurosymbolic Approach To Adaptive Feature Extraction In SLAM Yasra Chandio

Experiment Setup
• Dataset: EuRoC
• Feature Extractor: VINS-Fusion 

(KTL Sparse Optical Flow)
• Top Graph: Images/Samples
• Bottom Graph: Feature Mask

Solution: Leverage neurosymbolic learning to do manual expert-based fine-tuning in an automatic manner.  
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